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Abstract

The use of fuzzy logic to model and manage uncertainty in an expert system

places high computational demands on the inference engine.

An obvious and fundamental question arising from the real implementation of
an expert system is how can the knowledge be obtained. In general, this issue is
termed as knowledge acquisition and is thought as a bottleneck for building a

realistic expert system.

In this thesis, knowledge acquisition and fuzzy inference technique are
surveyed. An automated method for extracting fuzzy rules is presented and a
refinement of the membership function is performed using a feedforward neural

network. Also, the fuzzy rules are refined by eliminating insignificant rules.

Two hybrid fuzzy neural systems are presented and their performance is

compared to the suggested fuzzy knowledge acquisition systems.
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